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Seqptence. model & Aftuction. mechanism.
Vanous sequence o seqpienie avchitectures :
0 Sa{}(m 1 seqense

Sequence to sequence model

x<l> x<2> x<3> x<4> x<5>

Jane visite I'Afrique en septembre

— Jane is visiting Africa in September.
<l> ,<2> ,,<3> <4> <5> <6>
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A cat sitting on a chair
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Jane visite ’Afrique en septembre.
french)

¢ P( \) . <t> )
— Jane is visiting Africa in September. #)) <t x

— Jane is going to be visiting Africa in September. \_Y_/ J,
— In September, Jane will visit Africa. ﬁ! hsk FYC)[C"L

— Her African friend welcomed Jane in September.
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Beam earcéh algorithm B 3 (bean width)
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Evaluating machine translation

French: Le chat est sur le tapis
L é,,-)_gf;;fl o
» Reference 2: There is a cat on @ mat.

> MT output: the the the the the the the.

. o (4e)
X’recilsion: 5; \/Modified prec\(()%;f{l—é/g\ Coi ()
O Blew scone on bigrams -

Example: Reference 1: The cat is on the mat. <
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